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AI Ethics and Governance

Responsible AI Deployment Strategies,

Algorithmic Accountability – concept; related terms: responsibility, governance, auditability. Refers to
mechanisms that ensure developers and operators can be held answerable for decisions made by AI
systems. Example: an e‑commerce platform logs every recommendation algorithm’s input and output,
enabling traceability. Practical application: establishing internal audit teams that review model changes
quarterly. Challenges include defining liability when multiple parties contribute to a system and ensuring
audits are not merely checkbox exercises.

Algorithmic Bias – concept; related terms: fairness, discrimination, mitigation. Systematic error that produces
unfair outcomes for protected groups. Example: a hiring AI that disfavors resumes containing certain zip
codes linked to minority neighborhoods. Practical application: employing bias detection tools during model
validation. Challenges involve uncovering hidden biases in complex models and balancing bias mitigation
with model performance.

Artificial Intelligence (AI) – acronym; related terms: machine learning, deep learning, automation. The
broader field encompassing systems that can perform tasks requiring human intelligence. Example: a
chatbot that interprets natural language queries. Practical application: deploying AI to streamline customer
service. Challenges include ensuring ethical alignment, transparency, and compliance with regulations.

Auditable Model Lifecycle – concept; related terms: documentation, version control, provenance. A
structured process that records each stage from data collection to deployment, enabling retrospective
review. Example: maintaining a Git repository with commit messages detailing data preprocessing steps.
Practical application: regulators can request model lineage during compliance checks. Challenges are the
overhead of rigorous documentation and maintaining consistency across teams.

Bias Mitigation Techniques – concept; related terms: re‑weighting, adversarial debiasing, fairness
constraints. Methods applied to reduce discriminatory outcomes. Example: using re‑sampling to balance
class representation in training data. Practical application: integrating fairness constraints into loss functions.
Challenges include trade‑offs between fairness metrics and overall accuracy.

Black‑Box Model – concept; related terms: opacity, interpretability, explainability. Models whose internal
workings are not readily understandable by humans. Example: a deep neural network with millions of
parameters used for credit scoring. Practical application: often chosen for superior predictive power.
Challenges involve regulatory scrutiny and difficulty in diagnosing errors.

Change Management – concept; related terms: rollout, versioning, stakeholder communication. Structured
approach to transitioning from one AI system version to another. Example: a phased deployment where a
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new recommendation engine is first released to a subset of users. Practical application: minimizes disruption
and gathers feedback. Challenges include coordinating across departments and managing rollback
procedures.

Compliance Framework – concept; related terms: GDPR, ISO 27001, sector‑specific regulations. Set of
policies ensuring AI systems meet legal and ethical standards. Example: a healthcare AI adhering to HIPAA
privacy rules. Practical application: conducting regular compliance audits. Challenges are keeping up with
evolving legislation and interpreting ambiguous requirements.

Continuous Monitoring – concept; related terms: drift detection, performance dashboards, alerting.
Ongoing observation of model behavior post‑deployment to detect anomalies. Example: monitoring
prediction latency spikes in a real‑time fraud detection system. Practical application: automated alerts
trigger retraining pipelines. Challenges include defining appropriate thresholds and avoiding alert fatigue.

Data Governance – concept; related terms: stewardship, quality, access control. Policies and procedures that
manage data throughout its lifecycle. Example: a data catalog that tags datasets with sensitivity levels.
Practical application: ensures data used for training complies with consent requirements. Challenges involve
reconciling data utility with privacy constraints.

Data Minimization – principle; related terms: privacy, purpose limitation, retention. Collecting only the data
necessary for a specific AI task. Example: an image recognition system that stores only feature vectors, not
raw images. Practical application: reduces exposure risk and simplifies compliance. Challenges include
determining the minimal dataset that still yields acceptable performance.

Data Provenance – concept; related terms: lineage, traceability, metadata. Information about the origin and
history of data used in AI models. Example: logging the source of each training sample, such as sensor ID
and timestamp. Practical application: facilitates audits and error tracing. Challenges are the overhead of
maintaining detailed provenance records.

Ethical Impact Assessment (EIA) – concept; related terms: risk analysis, stakeholder analysis, mitigation plan.
Systematic evaluation of potential ethical harms before AI deployment. Example: assessing how an
emotion‑recognition system might affect user privacy. Practical application: informs decision‑makers on
whether to proceed, modify, or halt a project. Challenges include quantifying intangible harms and
achieving consensus among diverse stakeholders.

Explainable AI (XAI) – acronym; related terms: interpretability, transparency, post‑hoc explanations.
Techniques that make AI decisions understandable to humans. Example: using SHAP values to illustrate
feature contributions in a loan approval model. Practical application: builds user trust and satisfies
regulatory demands. Challenges involve balancing explanation fidelity with model complexity and avoiding
information overload.

Fairness Metrics – concept; related terms: demographic parity, equalized odds, disparate impact.
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Quantitative measures to evaluate equity across groups. Example: calculating the false‑positive rate
disparity between gender groups in a hiring classifier. Practical application: selecting models that meet
predefined fairness thresholds. Challenges include choosing appropriate metrics for the context and
handling conflicts between multiple fairness criteria.

Human‑in‑the‑Loop (HITL) – concept; related terms: oversight, decision support, augmentation.
Incorporating human judgment at critical points of AI operation. Example: a medical diagnosis AI that flags
uncertain cases for radiologist review. Practical application: improves safety and accountability. Challenges
are designing seamless interfaces and preventing over‑reliance on automation.

Impact‑Driven Deployment – concept; related terms: value proposition, societal benefit, ROI. Prioritizing AI
projects that deliver measurable positive outcomes. Example: deploying an energy‑optimization AI that
reduces carbon emissions for a manufacturing plant. Practical application: aligns AI initiatives with
organizational mission. Challenges include quantifying long‑term impact and avoiding “tech for tech’s sake”
projects.

Incident Response Plan – concept; related terms: breach, mitigation, communication. Predefined procedures
for handling AI‑related failures or ethical breaches. Example: a protocol that activates when a
recommendation system inadvertently promotes extremist content. Practical application: rapid containment,
root‑cause analysis, and stakeholder notification. Challenges are ensuring cross‑functional coordination and
maintaining up‑to‑date playbooks.

Inclusive Design – principle; related terms: accessibility, user diversity, co‑creation. Designing AI systems
that consider the needs of a broad range of users. Example: a voice assistant that supports multiple dialects
and speech impairments. Practical application: improves adoption and reduces bias. Challenges involve
gathering diverse user feedback and avoiding tokenism.

Inference Optimization – concept; related terms: latency, throughput, edge deployment. Techniques to
improve the efficiency of AI predictions. Example: quantizing a neural network to run on mobile devices.
Practical application: enables real‑time responses in resource‑constrained environments. Challenges include
preserving accuracy while reducing resource consumption.

Infrastructure Security – concept; related terms: encryption, network segmentation, hardening. Protecting
the hardware and software platforms that host AI models. Example: using TLS for all model API traffic.
Practical application: prevents unauthorized access and tampering. Challenges are keeping security patches
up‑to‑date without disrupting services.

Interpretability Tools – concept; related terms: LIME, SHAP, counterfactuals. Software that helps users
understand model behavior. Example: generating counterfactual explanations for rejected loan applications.
Practical application: supports compliance with “right to explanation” mandates. Challenges include scaling
tools to large models and ensuring explanations are not misleading.
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International Standards – concept; related terms: ISO 23894, IEEE 7010, OECD AI Principles. Consensus‑based
guidelines for responsible AI. Example: adopting ISO 23894 for risk management in AI projects. Practical
application: provides a common language for cross‑border collaborations. Challenges are differing
interpretations and the voluntary nature of many standards.

Job Displacement Risk – concept; related terms: automation, reskilling, economic impact. Potential loss of
employment due to AI‑driven processes. Example: AI‑powered chatbots reducing the need for call‑center
staff. Practical application: conducting workforce impact studies and planning reskilling programs.
Challenges include forecasting accurately and managing societal expectations.

Knowledge Transfer – concept; related terms: documentation, training, onboarding. Sharing expertise about
AI models between teams. Example: creating a “model card” that summarizes architecture, data, and
limitations. Practical application: eases maintenance when personnel change. Challenges are ensuring the
transferred knowledge remains current and comprehensive.

Legal Liability – concept; related terms: negligence, product liability, contractual risk. Legal responsibility for
harms caused by AI systems. Example: a self‑driving car’s manufacturer being sued after an accident.
Practical application: drafting clear terms of service and insurance policies. Challenges involve ambiguous
jurisdictional rules and evolving case law.

Model Card – concept; related terms: documentation, transparency, datasheet. Structured summary of a
model’s intended use, performance, and limitations. Example: a model card indicating that a facial
recognition system performs poorly on certain skin tones. Practical application: aids stakeholders in
assessing suitability. Challenges include keeping the card up‑to‑date as models evolve.

Model Drift – concept; related terms: concept shift, data drift, performance degradation. Change in the
statistical properties of input data that reduces model accuracy. Example: a sentiment analysis model
trained on 2020 tweets misclassifying 2023 slang. Practical application: triggering retraining pipelines when
drift metrics exceed thresholds. Challenges involve detecting subtle drift and distinguishing it from
temporary fluctuations.

Model Governance Board – concept; related terms: oversight committee, ethics council, steering group.
Cross‑functional body that reviews AI model proposals, deployments, and retirements. Example: a board
that approves any new predictive model before it reaches production. Practical application: centralizes
accountability and ensures alignment with policy. Challenges include avoiding bottlenecks and ensuring
diverse expertise on the board.

Model Monitoring Dashboard – concept; related terms: KPI, visualization, alerting. Interface that displays
key performance indicators of deployed AI systems. Example: a dashboard showing real‑time false‑positive
rates for a fraud detection model. Practical application: provides operators with actionable insights.
Challenges are selecting meaningful metrics and preventing information overload.
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Model Retraining Pipeline – concept; related terms: CI/CD, automation, data pipeline. Automated workflow
that updates models with new data. Example: nightly retraining of a recommendation engine using recent
purchase logs. Practical application: maintains relevance and mitigates drift. Challenges include ensuring
data quality and avoiding catastrophic forgetting.

Model Transparency – principle; related terms: openness, explainability, documentation. The degree to
which stakeholders can understand how a model works. Example: publishing the architecture diagram and
training dataset statistics of a public health AI. Practical application: builds trust and facilitates external
review. Challenges involve protecting intellectual property while providing sufficient detail.

Model Validation – concept; related terms: testing, cross‑validation, holdout set. Rigorous assessment of a
model’s performance before deployment. Example: using a stratified test set to evaluate bias across
demographic groups. Practical application: confirms readiness and identifies hidden issues. Challenges
include selecting representative test data and avoiding overfitting to validation metrics.

Multi‑Stakeholder Engagement – concept; related terms: consultation, participatory design, feedback loops.
Involving diverse groups (users, regulators, NGOs) in AI development. Example: holding workshops with
community leaders to discuss a public safety AI. Practical application: uncovers concerns early and improves
acceptance. Challenges are coordinating schedules and reconciling conflicting priorities.

Neural Architecture Search (NAS) – concept; related terms: AutoML, hyperparameter optimization, model
selection. Automated process for discovering optimal network structures. Example: using NAS to design a
lightweight model for edge devices. Practical application: reduces manual engineering effort. Challenges
include high computational cost and ensuring discovered architectures meet ethical constraints.

Operational Risk Management – concept; related terms: risk register, mitigation, contingency planning.
Identifying and controlling risks arising from AI operations. Example: assessing the risk of a
recommendation algorithm amplifying extremist content. Practical application: implementing controls such
as content filters and human review. Challenges are quantifying low‑probability but high‑impact events.

Privacy‑Preserving Machine Learning – concept; related terms: federated learning, differential privacy,
secure aggregation. Techniques that protect individual data while training models. Example: training a
predictive keyboard model on user devices without sending raw text to the server. Practical application:
complies with privacy regulations and builds user trust. Challenges include reduced model accuracy and
increased communication overhead.

Regulatory Sandbox – concept; related terms: pilot, experiment, compliance testing. Controlled environment
where innovative AI solutions can be tested under relaxed regulatory constraints. Example: a fintech
sandbox allowing a new credit‑scoring AI to operate with limited customers. Practical application:
accelerates innovation while monitoring for risks. Challenges include defining exit criteria and ensuring
participant safety.

Read online: https://certificates.gsbf.co.uk/glossaries/5221528/
responsible-ai-deployment-strategies

Greenwich School of Business and Finance · 03 Aug 2026



G LO S S A RY

Responsible AI Framework – concept; related terms: governance, ethics, lifecycle. Structured set of
principles, processes, and tools guiding ethical AI development. Example: an organization adopts a six‑pillar
framework covering fairness, transparency, robustness, privacy, accountability, and sustainability. Practical
application: provides a roadmap for teams to embed ethics from inception to retirement. Challenges are
achieving organization‑wide buy‑in and measuring adherence.

Robustness Testing – concept; related terms: adversarial attacks, stress testing, resilience. Evaluating how
models perform under adverse conditions. Example: subjecting an image classifier to perturbed inputs to
gauge susceptibility to adversarial examples. Practical application: hardening models before deployment in
safety‑critical domains. Challenges include simulating realistic attack scenarios and balancing robustness
with performance.

Risk Assessment Matrix – tool; related terms: likelihood, impact, mitigation. Visual representation that plots
potential AI risks by probability and severity. Example: plotting “model bias” as high impact, medium
likelihood, prompting immediate mitigation. Practical application: prioritizes resources toward the most
critical risks. Challenges involve accurately estimating probabilities for novel AI risks.

Safety‑Critical AI – concept; related terms: certification, fault tolerance, verification. AI systems whose failure
can cause significant harm. Example: autonomous aircraft navigation software. Practical application:
undergoes rigorous verification, redundancy, and formal certification processes. Challenges are the
stringent reliability requirements and limited tolerance for uncertainty.

Scalable Governance – concept; related terms: policy automation, governance-as‑code, delegation.
Governance mechanisms that function efficiently as AI deployments grow. Example: using policy‑as‑code to
enforce data usage constraints across hundreds of models. Practical application: maintains consistent
oversight without manual bottlenecks. Challenges include designing flexible policies that adapt to new use
cases.

Security by Design – principle; related terms: threat modeling, secure coding, defense‑in‑depth. Integrating
security considerations from the earliest stages of AI development. Example: incorporating input validation
checks into a model’s API layer. Practical application: reduces vulnerabilities and compliance costs.
Challenges are balancing security measures with development speed.

Service Level Agreement (SLA) – contract; related terms: uptime, latency, penalty. Formal agreement
defining performance expectations for AI services. Example: an SLA guaranteeing 99.9% availability for an
inference API. Practical application: sets clear expectations for internal or external consumers. Challenges
include accounting for stochastic AI performance variations.

Stakeholder Mapping – concept; related terms: influence analysis, interest matrix, engagement plan.
Identifying individuals or groups affected by AI deployment and their respective concerns. Example:
mapping regulators, end‑users, and data subjects for a facial‑recognition project. Practical application:
informs communication strategy and risk prioritization. Challenges are ensuring comprehensive coverage
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and updating maps as projects evolve.

Sustainability Metrics – concept; related terms: carbon footprint, energy efficiency, lifecycle assessment.
Measures that evaluate the environmental impact of AI systems. Example: reporting the kilowatt‑hours
consumed during model training. Practical application: guides selection of greener algorithms and
hardware. Challenges include standardizing measurement methodologies and balancing sustainability with
performance.

Technical Debt – concept; related terms: code rot, maintenance burden, refactoring. Accumulated shortcuts
in AI development that hinder future changes. Example: hard‑coding data preprocessing steps within model
code, making updates cumbersome. Practical application: allocating time for debt repayment during sprint
cycles. Challenges are quantifying debt and resisting pressure for rapid releases.

Transparency Report – document; related terms: disclosure, public accountability, audit. Periodic publication
detailing AI system usage, performance, and governance actions. Example: a quarterly report outlining the
number of automated decisions, error rates, and mitigation steps. Practical application: builds public trust
and satisfies regulatory expectations. Challenges include balancing transparency with protection of
proprietary information.

Trustworthy AI – concept; related terms: reliability, ethical alignment, user confidence. AI that consistently
behaves as intended, respects rights, and is perceived as dependable. Example: a medical diagnosis
assistant that provides confidence scores and cites evidence sources. Practical application: enhances
adoption in sensitive domains. Challenges involve meeting diverse trust criteria across cultures and use
cases.

Unintended Consequence Analysis – concept; related terms: scenario planning, impact assessment,
mitigation. Systematic exploration of potential side effects of AI deployment. Example: analyzing how a
price‑optimization AI might inadvertently create price discrimination. Practical application: informs design
adjustments before launch. Challenges are anticipating complex systemic interactions and quantifying
low‑probability outcomes.

User Consent Management – concept; related terms: opt‑in, revocation, data subject rights. Processes that
obtain, record, and honor user permissions for data use in AI. Example: a mobile app that lets users
withdraw consent for location tracking at any time. Practical application: ensures compliance with GDPR and
similar statutes. Challenges include integrating consent checks into real‑time pipelines without latency
penalties.

Version Control for Models – practice; related terms: Git‑LFS, model registry, reproducibility. Tracking
changes to model artifacts, configurations, and dependencies. Example: using a model registry that assigns
a unique identifier to each trained model version. Practical application: enables rollback and audit trails.
Challenges are storage costs for large binary files and synchronizing code and model versions.
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Verification and Validation (V&V) – process; related terms: testing, certification, compliance. Systematic
activities to confirm that AI systems meet specifications (verification) and fulfill intended purpose
(validation). Example: performing functional tests to verify that an autonomous vehicle obeys traffic rules.
Practical application: reduces risk of deployment failures. Challenges include defining exhaustive test suites
for probabilistic systems.

Vulnerability Assessment – concept; related terms: penetration testing, threat analysis, patch management.
Identifying security weaknesses in AI infrastructure and models. Example: scanning a model serving
endpoint for exposed credentials. Practical application: prioritizes remediation efforts. Challenges are the
rapid emergence of new attack vectors specific to AI, such as model extraction.

Whitelisting and Blacklisting – technique; related terms: access control, policy enforcement, filtering.
Defining permitted or prohibited entities for AI interactions. Example: a chatbot that only accepts queries
from verified corporate accounts (whitelist). Practical application: limits exposure to malicious actors.
Challenges include maintaining accurate lists and avoiding inadvertent exclusion of legitimate users.

Zero‑Trust Architecture – principle; related terms: micro‑segmentation, continuous verification, least
privilege. Security model that assumes no implicit trust, requiring authentication and authorization for every
request. Example: each inference request must present a signed token verified by an identity provider.
Practical application: reduces risk of lateral movement after a breach. Challenges are the added complexity
of managing identities across distributed AI services.
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