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Bias and Fairness in AI Decision Making

Artificial Intelligence (AI) has become an integral part of our lives, influencing decision-making processes in
various fields, including healthcare, finance, and education. However, the use of AI raises concerns about
bias and fairness, particularly in the context of mental health support. Understanding key terms and
vocabulary related to bias and fairness in AI decision making is crucial for developing AI-powered mental
health support systems that are ethical and effective.

1. Bias

Bias refers to systematic errors or deviations from the truth in data collection, analysis, interpretation, or
decision-making processes. In the context of AI, bias can arise from various sources, including historical
data, societal stereotypes, and algorithmic design. It can lead to unfair treatment of individuals or groups
and perpetuate existing inequalities.

Examples of bias in AI decision making include:

- Gender bias: An AI system that recommends higher-paying jobs to male candidates based on historical
data that reflects gender disparities in employment.
- Racial bias: An AI algorithm that predicts higher recidivism rates for individuals of a certain race due to
biased training data.
- Confirmation bias: An AI chatbot that recommends self-help resources based on preconceived notions
about a user's mental health condition.

Addressing bias in AI decision making requires careful consideration of data sources, algorithmic
transparency, and ethical principles to ensure equitable outcomes for all individuals.

2. Fairness

Fairness in AI decision making refers to the absence of bias or discrimination in the algorithms and
processes used to make decisions. Fair AI systems strive to treat individuals equally and impartially,
regardless of their background, characteristics, or circumstances. Achieving fairness in AI requires a
thorough understanding of the ethical implications of algorithmic decision-making and proactive measures
to mitigate bias.

Types of fairness in AI decision making include:

- Procedural fairness: Ensuring that the decision-making process is transparent, accountable, and free from

Read online: https://certificates.gsbf.co.uk/guides/3273787/bias-and-
fairness-in-ai-decision-making

Greenwich School of Business and Finance · 24 Jun 2026



G U I D E

bias.
- Outcome fairness: Ensuring that the outcomes of AI decisions are equitable and do not disproportionately
harm or benefit specific individuals or groups.
- Group fairness: Ensuring that AI systems do not discriminate against protected groups based on
characteristics such as race, gender, or age.

Ensuring fairness in AI decision making involves implementing fairness-aware algorithms, conducting bias
audits, and involving diverse stakeholders in the design and evaluation of AI systems.

3. Algorithmic Bias

Algorithmic bias refers to the unfair or discriminatory outcomes produced by AI algorithms due to biased
training data, flawed design choices, or unintended consequences. Algorithmic bias can manifest in various
forms, such as predictive bias, feature selection bias, or feedback loop bias, leading to ethical dilemmas and
social harms.

Examples of algorithmic bias in AI decision making include:

- Predictive policing algorithms that disproportionately target minority communities based on biased crime
data.
- Healthcare algorithms that recommend costly treatments to affluent patients while neglecting low-income
individuals.
- Hiring algorithms that favor candidates from prestigious universities, perpetuating socioeconomic
inequalities in the workforce.

Mitigating algorithmic bias requires continuous monitoring, evaluation, and refinement of AI systems to
ensure fairness, transparency, and accountability in decision-making processes.

4. Explainability

Explainability in AI refers to the ability to understand and interpret the decisions made by AI systems,
particularly in complex or high-stakes applications. Explainable AI (XAI) techniques aim to provide insights
into the inner workings of algorithms, enabling users to trust, validate, and challenge automated decisions.

Examples of explainability in AI decision making include:

- Providing visualizations of feature importance in a machine learning model to explain its predictions.
- Generating natural language explanations of AI recommendations to help users understand the reasoning
behind them.
- Conducting sensitivity analyses to assess the impact of input variables on the output of AI systems.

Enhancing explainability in AI decision making can improve transparency, accountability, and trust in AI
systems, fostering ethical and responsible use of AI technologies.
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5. Transparency

Transparency in AI decision making refers to the openness, clarity, and accessibility of information about the
data, algorithms, and processes used to make decisions. Transparent AI systems enable stakeholders to
understand how decisions are made, identify potential biases or errors, and hold developers accountable for
ethical standards.

Examples of transparency in AI decision making include:

- Documenting the data sources, preprocessing steps, and model architecture used in developing an AI
system.
- Providing access to decision logs, audit trails, and performance metrics to assess the reliability and fairness
of AI decisions.
- Publishing research papers, code repositories, and technical documentation to promote open
collaboration and peer review in the AI community.

Promoting transparency in AI decision making can enhance public trust, regulatory compliance, and ethical
governance of AI technologies, contributing to a more inclusive and responsible AI ecosystem.

6. Accountability

Accountability in AI decision making refers to the responsibility, liability, and oversight mechanisms that
govern the actions of AI developers, users, and stakeholders. Accountable AI systems ensure that decision-
makers are held responsible for the ethical implications of their choices, promoting ethical behavior, risk
management, and compliance with legal standards.

Examples of accountability in AI decision making include:

- Establishing clear roles, responsibilities, and decision-making protocols in AI development teams.
- Implementing governance frameworks, ethical guidelines, and audit processes to monitor and evaluate AI
systems.
- Enforcing regulatory requirements, privacy standards, and data protection laws to prevent misuse or abuse
of AI technologies.

Fostering accountability in AI decision making can help prevent harm, promote fairness, and build public
confidence in the responsible use of AI for mental health support and other critical applications.

7. Ethical AI

Ethical AI refers to the design, development, and deployment of AI systems that prioritize human values,
rights, and well-being. Ethical AI principles emphasize transparency, fairness, accountability, and privacy to
ensure that AI technologies serve the common good, respect individual autonomy, and uphold ethical
standards in decision-making processes.
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Examples of ethical AI in decision making include:

- Applying principles of beneficence, non-maleficence, autonomy, and justice to guide the development of
AI-powered mental health support systems.
- Conducting impact assessments, stakeholder consultations, and risk analyses to identify and mitigate
ethical challenges in AI decision making.
- Incorporating ethical guidelines, codes of conduct, and best practices into AI development workflows to
promote responsible innovation and ethical governance.

Embracing ethical AI principles can help address bias, promote fairness, and safeguard human rights in the
design and implementation of AI-powered mental health support systems, advancing the ethical use of AI
for social good.

8. Challenges and Opportunities

Challenges in addressing bias and fairness in AI decision making include:

- Data bias: Ensuring that training data is representative, diverse, and free from bias to improve the accuracy
and fairness of AI models.
- Algorithmic bias: Identifying and correcting biases in model design, feature selection, and optimization
techniques to prevent discriminatory outcomes.
- Interpretability: Enhancing the explainability of AI decisions to build trust, accountability, and user
acceptance in AI-powered applications.
- Accountability: Establishing clear guidelines, standards, and mechanisms for holding developers and users
accountable for the ethical implications of AI decisions.

Opportunities for promoting bias and fairness in AI decision making include:

- Diversity and inclusion: Incorporating diverse perspectives, expertise, and experiences into AI development
teams to reduce bias and enhance fairness in decision-making processes.
- Ethical frameworks: Adopting ethical guidelines, principles, and frameworks to guide the responsible use
of AI technologies and promote ethical decision making in mental health support.
- Regulation and governance: Enforcing legal requirements, industry standards, and best practices to ensure
transparency, accountability, and fairness in the deployment of AI systems for mental health care.

By addressing these challenges and embracing these opportunities, stakeholders can work together to build
AI-powered mental health support systems that are ethical, effective, and equitable for all individuals,
fostering a more inclusive and compassionate society.
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